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Non-small cell lung cancer (NSCLC) accounts for about 85% of all lung cancers. There is a strong rationale for incorporating immunotherapy into the treatment
of early-stage NSCLC, given the breakthrough results with PD-1 checkpoint inhibitors in advanced-stage NSCLC. How immunotherapy should be implemented in
patients who are operable is still unclear. Most of the efforts so far to identify clinically useful biomarkers do not preserve spatial information and leave us blind to
the critical source of information revealed in the cell-to-cell biology of the tumor microenvironment (TME). In order to overcome these limitations, we used spatial
biomarkers assays that preserve this critical information about which cells are influencing treatment response.
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Results were validated with single cell proteomic
spatial analysis. In brief, samples were stained using
a panel of 20 immune or tumor-related antibodies.
Deep learning (StarDist QuPath extension) was used
for cell segmentation and cells classification was
performed using in-house Python scripts. Basic
morphometry algorithms were applied to identify
proximity and relative spatial distribution of cells. References
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tumor microenvironment of patient samples. Each
Immune subpopulation was infiltrating in larger
percentage the TME of the responder patient.
Notably, in the CR sample the CD8+ T-cytotoxic
lymphocytes, responsible for the anti-tumor activity,
were the Immune subset mostly represented.

Our results suggest that for patients who did not
respond to monotherapy, it would have been
preferable to resort to a combined immune checkpoint
iINhibitors treatment strategy, aimed at the complete
inhibition of all the Immune-suppressive pathways.
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TRANSCRIPTIONAL PHENOTYP

The analysis of the non-responder patients
highlighted the overexpression of inhibitory ligands
CD86 and BrH3 (CD2706). Interestingly, TIGIT, CTLA4

and TIM-3 were significantly overexpressed on the
surface of the CD8a+ T cells. Alirt e www.aliribio.com e +33(0)374 095546 e © 2023 Aliri. All rights reserved.

FIGURE 4. Classified immune cell infiltrating the
patient’'s TME



